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A Study of Multi-layer Structure in Cortical Learning Algorithm

«T. Aoki, K. Takadama, and H. Sato
(The University of Electro-Communications)

Abstract— This work proposes a multi-layered cortical learning algorithm. Cortical learning is a time-
series data prediction algorithm designed based on the human neuro-cortex. The human neuro-cortex has
a multi-layered structure, while the conventional cortical learning algorithm has a single layer. This work
introduces a multi-layered structure into the cortical learning algorithm. The experimental results show
that the proposed multi-layered cortical learning algorithm achieves higher prediction accuracy than the
single-layered cortical learning algorithm on several artificial time-series data.
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